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Quantitative Results

Our Method

» Stereo matching networks poorly estimate clear edges | Clustering | Laplacian Modeling for each Cluster | Adaptive Multi-Modal Laplacian Modeling | KITTI 2015 KITTI 2012
due to the over-smoothing problem, causing bleeding : : : : Methoa Al Noc >2pX >3pX
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' | | E W | PSMNet 1.86 4.62 2.32 1.71 4.31 2.14 2.44 3.01 1.49 1.89
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» Existing methods model the disparity ground-truth as | %, KD | ﬁg | IGEVStereo 1.38 2.67 1.59 1.27 2.62 1.49 1.71 2.17 1.12 1.44
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multi-modal outputs at the edge Meanwhile. the - — — s e ) PSMNet + Ours 1.44 3.25 1.74 1.30 3.04 1.59 1.80 2.32 1.14 1.50
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» Clustering is applied within the local window to separate different modals. ANt 4 e e ) 28 L oe toa y1s 276 Lo o1 0.0 L6

single-modal disparity estimator (SME) suffers from » Laplacian distribution is then employed for modeling each cluster.

severe misalignment artlfacts > Local structural information is used to fuse the generated uni-modal distributions. » All of the three baselines are lifted to a highly competitive level by our method.
v > GANet with our method achieves new state-of-the-art results on both KITTI 2015

Qualitative RESUltS and KITTI 2012 benchmarks.
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» An adaptive multi-modal probability modeling for
supervising stereo networks training, effectively guiding VIS Of Output Distributions

the networks to learn clear distribution patterns.
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» A dominant-modal disparity estimator (DME) that can
obtain accurate results upon multi-modal outputs.

» State-of-the-art performance on both the KITTI 2015
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