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(@) Ground-truth Distribution Modeling

» Previous work modeled multi-modal ground truth for edge

................. =y » Our method significantly enhances the backbone’s performance
Ground-Trutis Modeling and surpasses previous state-of-the-art methods.
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pixels with matching ambiguity. B g

» An elegant way to simultaneously model multi-modal > (Wi, s by)

KITTI 2015 KITTI 2012 Middlebury ETH3D Mean

‘ ( S S .

| | | I 1 | I

I | | | | | 1

| | I I | | |

| | | | | | |

: : - L |

| . .
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StereoRisk [26] ICML 2024 5.19° 4.43° 9.32’ 2.41° 6.50
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ol 1 1 I o B " S D (P * ) » For each pixel, the network ensemble predicts M multi-modal probability distributions. GANet+ ADL [41]  CVPR 2024 4.84° 3.93° 8.72° 2.31" 4.00
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» Individual modes are separated from these distributions and fitted as parameterized Laplacians (w, u, b). GoreNet + Oure _ e 373 o o1t o7

@ Cha"enges > The disparity label is also modeled as the uni-modal Laplacian with coordinate (i, d, b). PCWNet + Ours — B 3.57 7.20' 272 150
. | | » We cluster the points in the parameter space to distinguish the objective knowledge (effective clusters)
» Cross-domain preferences of different network architectures @ Qualitative RESUltS

from the biased knowledge (noise).
(left) and different checkpoints of the same network (right).

» The elements within each cluster are fused and re-modeled as a formulated mode in the final ground-truth

il lat ey —oeer) KT} 2015 distribution » Our method demonstrates excellent reliability on weak
5 S " ot textures, repetitive textures, object edges, and strong glare.
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